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TWO SCHEMES OF DATA DROPOUT COMPENSATION FOR LQG
CONTROL OF NETWORKED CONTROL SYSTEMS

Jinfeng Gao, Han Wu, and Minyue Fu

ABSTRACT

This paper investigates the LQG control problem for networked control systems (NCSs) with packet losses, where the
packet losses are considered to appear in both the sensor-to-controller channel and controller-to-actuator channel. Bernoulli
random processes are used to describe the packet losses in the two channels. Two simple compensation schemes are explored
for state estimation with missing measurements in which the input of the plant is set to zero if a packet is lost, and the hold-
input strategy, in which the previous input is used with packet dropout. The optimal static controller gains and the critical loss
probabilities for the two schemes are presented, and their performances are compared in terms of numerical simulations. The
conclusion is that neither of the two schemes can be claimed to be superior to the other, as the stability regions of the two
strategies are reversely complemented to each other whether for the scalar or vector example.

Key Words: 1LQG, packet dropout, networked control systems, Kalman filter, optimal control.

I. INTRODUCTION

Feedback control systems wherein the control loops are
closed through a real-time network are called networked con-
trol systems (NCSs) [1]. When sensors, actuators, and control-
lers are connected with information over a real-time network
medium, data packet loss often occurs [2], especially in a wire-
less NCS. The reasons for packet dropout are due to communi-
cation noise, interference, or congestion both from sensors to
controllers (S/C) and from controllers to actuators (C/A).

Many researchers in past decades have analyzed state
estimator and filter design under lossy links without packet
loss compensator in S/C [3-5]. There are several works that
studied these problems with packet loss in both S/C and
C/A [3,6,8-10,19], which are modeled by Bernoulli pro-
cesses [11]. Nevertheless, Sinopoli et al. [3] doesn’t consider
optimal control. The optimal controllers are presented in [6,8]
using the state feedback method. Han ef al. designed a piece-
wise state feedback controller for optimal H,, performance
[7]. Zhao et al. [23] provides a design procedure for con-
structing a controller with the maximum possible H,, consen-
sus performance region in multi-agent systems. Since the
packet losses in the control loop often render the closed loop
system unstable, Schenato uses an intermittent Kalman filter
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to handle packet losses to ensure the statistical convergence
properties of the estimation error covariance [3]. Further-
more, Sahebsara ef al. deal with these packet losses with H,,
filtering to control the convergence of the estimation error
covariance [7] leading to an optimal H, performance
[12,13]. There are some other methods, for example, Zhao
et al. [14] presents distributed finite-time tracking control
for multi-agent systems under a time-invariant communica-
tion topology via an observer-based approach. Wang et al.
[15] proposes a one-step prediction-based packet dropout
compensation method, and the NCS is modeled as a discrete
switched system with parametric uncertainties [16]. Overall,
most works in the literature consider two different schemes
for handling the problem of packet loss: one is zero-input
strategy, where the actuator input to the plant is set to zero
when the control packet from the controller to the actuator
is lost [8,16,17] with no computational resources in actuators,
as shown in Fig. 1. The other is hold-input strategy, where the
latest control input stored in the actuator buffer is used
when a packet loss occurs [1,4,18], as shown in Fig. 2.
However, there are few studies in the literature that
simultaneously discuss the zero-input scheme and hold-input
scheme except [6] and [22], where Schenato only considers
the LQ-like performance in [6]. And Zhang et al. present a
generalized compensation scheme which involves the above
two schemes to design the optimal linear filters for networked
systems with communication constraints [22], where control-
ler design is not considered. Motivated by these consider-
ations, the purpose of this work is to design the LQG
controller for NCSs with packet losses compensation by
using a state estimator. The packet dropouts are considered
for the case with both S/C and C/A channels, which are
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Fig. 1. Diagram of NCS with packet loss: zero-input strategy.
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Fig. 2. Diagram of NCS with packet loss: hold-input strategy.

modeled as two independent Bernoulli processes. We will
explore two simple compensation schemes: zero-input strategy,
where the input to the plant is set to zero if a packet is lost, and
hold-input strategy, where the previous stored value in the
buffer is used if the packet fails to transmit. The optimal static
gains and the critical loss probabilities are calculated using lin-
ear matrix inequalities (LMlIs) for the two compensation
schemes. Moreover, the performances of these two schemes
are compared using numerical cases. Coincidentally, the stabil-
ity regions of the two strategies relatively complement each
other for both scalar feedback and vector feedback examples.

Notations. Throughout this paper, R denotes the set of real
numbers, R" denotes the n-dimensional Euclidean space, and
A" ™ refers to the set of all n x m real matrices. A” represents
the transpose of the matrix A, while 4! denotes the inverse of
A. For real symmetric matrices X and ¥, the notation X>Y
(respectively, X > Y) means that the matrix X — Y is positive
semi-definite, (respectively, positive-definite). / is the identity
matrix with appropriate dimensions.

II. PROBLEM FORMULATION

Consider the following discrete-time linear dynamic
system

Xi+1 :AXk+BuZ+Wk (1)

uy = vgug, 2)
Vi = Ve Cxi + vk 3)

where uj is the control input, uj is the controller output,
(x0, Wi, vi) are Gaussian, uncorrelated, white noises, with
means (X, 0,0) and covariances (P, O, R), respectively, and
0>0,R>0. w, is independent of w; for s . (y;, vi) are i.i.d
Bernoulli random variables with Prob[y,=0]=y and Prob
[vi=0]=v. We assume that the full state estimator X is avail-
able to a remote controller that adopts the linear feedback rule

I/ti =Lx klk

) L,

LipXik,

where L is the controller gain matrix. The subscripts z and % in
gains L, and L, indicate the zero-input and the hold-input
strategy, respectively. The links between in both S/C and C/A
are lossy, and the stochastic binary variables (y;,v;) € {0, 1}
describe the packet dropouts in both S/C and C/A, re-
spectively. We consider two control compensation strate-

gies. In the zero-input strategy, the closed loop system is
described by (4)

when  zero-input strategy applied

when hold-input strategy applied

Xk1 = Axg + Bviug, + wy @
Ve = 7Gx + vk
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In the case of the hold-input strategy shown in Fig. 2,
the closed loop dynamics system is expressed as follows

Xyl = Axg + B(vkuz +(1- Vk)uﬁ,l) + Wy

®)
Vi = kaXk + Vi

Define the following information sets T2

{yk’yk’vk7 1}’ Where yk=0}k’yk— 1s ~-"yl)7 Ykz(yks Yie— 15
...,71), and vk=(vk, Vi _1,---,v1). The following cost function
is considered

JN(HNilX(),Po)
T NG or T N-1
=E XNWNXN + Z ()Ck Wixie + Vil Ukuk) |l.l ', X0, Po
k=0
(6)

where u¥ = '=(uy_ ,uy_ 5, ...,u1). By applying the Kalman
filter, the state estimate is given by

Yk 2 E[x|Ty]
Cklk Sx— )ACk|k (7)

P 2 E[ek\kejgk|rk}

The following facts are required in the derivation of
the estimator.

Lemma 2.1 [8]. The following facts are true

(a) E|[(x — %)X Tx] = E[eguif [T] = 0,
(b) E[x[Sx|Ty] = x{ Sx; + trace(SPy ), VS >0,
() E[E[g(xiy1)|Ter1]Th] = E[g(xx+1)IT%], Vg ().

III. ESTIMATOR DESIGN

According to system (4), equations for the optimal
estimator are derived by using arguments similar to those
used in Standard Kalman filtering, and it follows that

)ACk+1‘k £ AE[xk|Fk] + VkBMi (8)
Chrife = X1 — Xpy1jp = Aeg + Wi ©)
PkJrl\k 2F ek+1|kez+”k|l"k = APklkAT + Q (]O)

where the independence of the wy and I'y, and the require-
ment that u; is a deterministic function of Ty, are used. As

Ve+1,Vk+1, W and T’y are independent, the correction step
is given by

Kt = i+ Ve Kt e — Cxggap) (1D

eeriprt = (I = me1 K1 C)esife — ni 1 K vieen

(12)

Priks1 = Pk = Vi1 K1t CPropa (13)
-1

K1 = P €T (CP €T + R) (14)

For hold-input strategy, we derive the equations for the
optimal estimator using similar arguments to zero-input
strategy. The innovation step of state is given by

fck-&-l\k 2(A+ VkBL))ACHk +(1— vk)BuZ_l (15)

Thus, the innovation step of hold-input strategy is
obtained by (15), (9), and (10). The correction step is the
same as for the zero-input strategy (11)—(14). And we get

Ktk = Xtk + V1 Kirr rr — Clieape)
= (A = WiBL — ;. Ki 11 CA) Ry
Tk 1 Kt CAxe + (1 — i) Buj_,
i1 K1Vt + Vi1 K1 Cwe

By using a modified Kalman filter formulation, it is
easy to infer

Pk = AP AT 1
+Q — APy 1 CT (CPy C" +R) CPyy AT
(16)

The error covariance matrices Py are the same
through the two strategies. Note that (13) indicates that the
error covariance matrices {Pk‘ X }2/:0 are stochastic since they
depend on the sequence {y;}. Moreover, as the matrix Py
x+1 is a nonlinear function of the previous covariance Py,
the accurate forecast of these matrices cannot be computed
directly. Nevertheless, they can be bounded by computable
deterministic quantities, from which we can derive the
following lemma.

Lemma 3.1. The expected error covariance matrix E
[Pyy] satisfied the following bounds [3]

Py <E[Pyy] <Pyi, ¥k >0 (17)
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where the matrices f’k‘k and ﬁ,dk can be computed as
follows
Proijp = APy AT 1
+Q — yAP €T (CPy 1 CT +R)  CPy AT

(13)
Py = Pjet — yPij1 CT (CPyr CT +R)71C13k\k71
(19)
Pt = (1 = p)APy AT + Q (20)
1~’k\k =(1- V)ﬁkVH (21)

where the initial conditions are P0|0 = f’o‘o = Py.

Proof. The argument is based on the observation that the
matrices Py 1 and Py are concave and monotonic func-
tions of Py _ 1. The proof is the same as [3] and is thus
omitted. The above results can be summarized as follows.

Theorem 3.2. Consider the system (1)—(3) and the prob-
lem of minimizing the cost function (6) within the class of
admissible policies u;,=f(I';), where I’y is the information
available under two strategies as shown in Figs 1 and 2.
Thus the following results hold.

(a) The optimal estimator, given by (8)—(15), is indepen-
dent of the control input u;.

(b) The optimal estimator gain K is time-varying and
stochastic since it depends on the past observation
loss sequence {,},_,.

While the standard LQG optimal regulator always
stabilizes the original system, in the case of observation
losses, the stability can be lost if the arrival probabilities
y are below a certain threshold. This observation comes
from the Modified Riccati Algebraic Equation (MARE),
Pii1=I(P,A,C,Q,R,y), as described in (16). The
results about the MARE are summarized in the follow-
ing theorem.

Theorem 3.3. Assume that (A, Ql/ 2) is controllable, (4, C)

is detectable, and 4 is unstable. Consider the MARE as
defined in (16), then the following results hold.

(a) The MARE has a unique strictly positive definite
solution P,, when y >y, , where y.. is the critical loss
probability.

(b) The critical probability y. satisfies the following
analytical bounds

1
mSycinv ymél_ {27 yMél

maxi‘/ll?‘ (A) ‘2

I3[ (A)
where 4Y(A) are the unstable eigenvalues of 4. In particu-
lar, y.=7,, if C is square and invertible, and y.=y,, if C is
rank one.

The proof of this theorem can be found in [3]. The
proof y.=y,, when C is square and invertible can be found
in [20], and the proof y.=y,, if C is rank one in [21].

IV. OPTIMAL CONTROL

Derivation of the optimal feedback control law and the
corresponding value for the objective function will follow
the dynamic programming approach based on the cost-to-
go iterative procedure. Define the optimal value function
Vi(xy) as follows

VN (XN> 2 E[X;WNXN|Fk],
Vi(xe) 2 miny, Elx] Wixy + vieul Uity (22)
+Vk+] (xk+,)\l“k],k =N— 1, ceey 1

Now make the following computations, which we use
to derive the optimal LQG controller

E[x], | Sxi1|Tk| = E[x]A"SAx|Ty ] + vul B SBuy
+2vu] BT SA%y i + trace(SQ)
E {e,{lkTek|k|Fk} = trace (TE {ek‘kelngkD
= trace (T Py ), VT >0

where both the independence of v, wy, x;, and the zero
mean property of w; are exploited.

(23)

4.1 Zero-input strategy

Under zero-input strategy the following theorem holds.

Theorem 4.1. The value function Vj(x;) defined in (22)
for the system dynamics of (1)—(3) can be written as

Vk(xk) = E[x,{Skxk|Fk] +cr,k=N,...,0 24)

where the matrix S; and the scalar ¢ can be computed recur-
sively as follows

Sy = ATSk+]A + Wy — VATS](+1B(BTSk+|B + Uk)BTSk_HA
(25

¢ = trace( (A" Sk 1A + Wy — Sk) Py + trace(Se41Q) (26)
+E[cps1|T]
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with initial values Sy= Wy, cy=0. Moreover, the opti-
mal control input is given by

-1 . .
up = —(B"S1B+ Ux)  B'Sei1Afyp = Lzkip
@7
Proof. The proof employs an induction argument. The

claim is clearly true for k=N with the choice of parameters
Sy= Wy, cy=0. Suppose now that the claim is true for k+ 1,

ie. Vk+1(xk+1) = E[X]{+]Sk+1xk+1 |Fk+1] + ck+1. The value
function at time step & is the following

Vi(x) = min,, E[x] Wixe + viu! U + Vit (x41) | Ti

= miny, E[x] Wexe + viu! Uy | Ty ]
+E[E[x],  Ske1Xe1 + it [Teer ] [T

= miny, E[x] Wix, + viu! Upuy + x,{HSkakH
+Cep1 [ Te]

= E[x] Wixi + xf A" Wi Axi Ty ] + trace(Si41Q)
+E[ci1|T]
+vmin,, (u,{(Uk + BTS;1B)uy + ZM,{BTSH]A)%H,()

(28)

ve = argmin, ¥, (Y,Z) > 0,0<Y <.

] ! ]
Y Y WZU2  u(YAT +ZBT) VT —wrAT
Y w-! 0 0
v, (Y,2) = !
VVU2ZHT 0 1 0
VIWAY +BZT) 0 0 Y 0
L V1—AY 0 0 y

where we use Lemma 2.1(c) to get the third equality, and
(23) to obtain the last equality. The value function is a
quadratic function of the input, therefore, the minimizer
can be simply obtained by solving 0V;/0u; =0, which gives
(27). The optimal feedback controller is, thus, a simple
linear function of the estimated state. If we substitute the
minimizer back into (21) and use Lemma 2.1(b) we get

Vi(xx) =E [x]{kak + x]{ATWk_HAxk
—1
—vxl A" S 1 B(Ux + B"Sk1B) ™ BT Spy 1 Axy ||
+trace(Si11Q) + Ele1|Tx]
—++vtrace (ATSk_HB(Uk + BTS](_,_]B)_IBTS](_»,_]A)ACH]()

Therefore, the claim given by (24) is also satisfied
for time step & for all x; if and only if (25) and (26)
are satisfied.

Theorem 4.2. Consider the modified Riccati equation,
which is defined in (25). Assuming (A, W%) is controllable,
(4, B) is detectable, and 4 is unstable, then the following hold.

(a) The MARE has a unique strictly positive definite so-
lution S, if and only if v > v., where v, is the critical
loss probability.

(b) The critical probability v, satisfies the following ana-
lytical bounds

1 = 1
max; W (A) IT; ‘/11‘ (A)

A
Vin<VeSvy s V=

’ 2

where !(A) are the unstable eigenvalues of 4. In particular,
v.=V,, if B is invertible, andv.=v,, if B is rank one.

(c) The critical probability can be numerically computed
via the solution for the following quasi-convex LMIs
optimization problem

(d) Ifv>v,, then lim; _, .S, =S, for all initial conditions
So>0,where S;;=11(Si, 4, B, W,U,v).

Proof of the previous theorems can be found in [8].

Using the above results, we can prove the following
theorem for the infinite horizon optimal LQG under zero-
input strategy.

Theorem 4.3. Consider the same system in the previous
theorem, let Wy=W,=W and U,=U. Moreover, let (4, B)
and (4,0'?) be controllable, and let (4, C) and (4, W"?)
be observable. Assume that v> v, and y >y, where v, and
y. are defined in Theorem 4.2 and Theorem 3.3, respec-
tively. Then the following results are gained.
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(a) The infinite horizon optimal controller gain is constant

[im Ly = Lo = —(B"SwB+ U) ' B'S2A. (29)

k—>o0

(b) The matrices are the positive definite solutions of the
following equation

So = ATS.A+ W — vATS.B(B'S.B + U) 'B'S.A.

Proof. (a) Since v>v,, from Theorem 4.2(d) it follows that
limy, _, ,Sx=3S... Therefore, (29) follows from (27). (b) (25)
can be written in the terms of MARE as Sj.1=11(S;,4, B,
W, U,v), thus, as v> v, from Theorem 4.2(d) it follows that
llmk_, ooSk+ 1= hmk_, ooSk:Soo-

4.2 Hold-input strategy
Under hold-input strategy the following lemma holds true:

Lemma 4.4. The value function V;(x;) defined in (22) for
the system dynamics of (1)—(3) can be written as

Vk(xk) = E[xZSkxkﬂ"k} +cr,k=N,...,0 (30)

where the matrix S and the scalar ¢, can be computed recur-
sively as follows

Si = ATSi 1A + Wy (31)
—(1 = v)ATS 1 B(BTSii 1B+ Up) BT Sk 1A

e = trace ((A"Sk1A + Wi — k) P (32)
+trace(Sk+1Q) + E[Ck+1 |Fk]
a T T a
+v(uf_,)" (Uk + B"Sg1B)u_,
with initial values Sy= Wy, cy=0. Furthermore the optimal
control input is given by
~1 . .
up = —(B'Se 1B+ Uy) B SpiiAkyx = Lk
(33)

Proof. The proof uses the familiar way in (28),therefore it
is omitted. The value function at time step & is the following

ve = argmax, ¥, (Y,Z) > 0,0<Y<I.

) 1 ]
Y Y VI—wzZU2 T—v(YAT +2ZB") \/vyA”
Y w-! 0 0 0
v,(Y,Z) = 1
V1—vu2z" 0 I 0
V1I—vAY +BZT) 0 0 Y 0
I VVAY 0 0 y |

Vi) = minge E[xf Wexe + v Uil + Viegr (1) [T
= EX Wix + 2T AT Si 1A
+(1 = v’ (Ux + B" Si1 BT
+trace(Sk+10)
+E[ce1|Te] 4 (1 — v) miny (ug” (U + B" Sy 1B)u,
+2u" B Sy 1 Ax i)
(34)

where uj is independent of uj{_, and x;. By solving
OV /ou; = 0, we get (32) and the same controller gain L,
with that of zero-input strategy. If we substitute the mini-
mizer back into (33) we get

Vi) = E[xl (W +ATSi 1A — (1 — v)AT S B(Uy
+B7S;1B) — 1BTS;,1A)x;) + trace(Si.1Q)
+E[ce1|Tx] + trace((Wk +ATS 1A — Sk)Pk|k)
+vid” (Uy + B'Sp1B)ud_,

Therefore, the claim given by (30) is satisfied for time
step k for all x; when (31) and (32) are satisfied.

Theorem 4.5. Consider the modified Riccati equation
defined in (31). Assuming (A, W'/2) is controllable, (4,B)
is detectable, and A is unstable, then the following hold.

(a) The MARE has a unique strictly positive definite
solution S, if and only if v <v,, where v, is the crit-
ical loss probability.

(b) The critical probability v.. satisfies the following ana-
lytical bounds

1 1

mz@f

Vin<VeSVyr, Vi 2 =—
max;| A} (A)]

where 4¥(A) are the unstable eigenvalues of 4. In particular,

v.=vy, if B is invertible, and v.=v,, if B is rank one.

(c) The critical probability can be numerically computed
via the solution of the following quasi-convex LMIs
optimization problem
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(d) If v<v,, then lim; _, .S, =S, for all initial condi-
tions So>0,where Sy 1 =11(Sy, 4, B, W, U, v).

The proof is similar to Theorem 4.2.

From the results above, we can prove the following
theorem for the infinite horizon optimal LQG under hold-
input strategy.

Theorem 4.6. Consider the same system in the previous
theorem, let Wy=W,=W and U,=U. Moreover, (4, B) and
(4,0'?) are controllable, (4,C) and (4, W"?) are observ-
able. Assume that v<v. and y>vy., where v. and y. are
defined in Theorem 4.2 and Theorem 3.3, respectively.
Then we have the following results.

(a) The infinite horizon optimal controller gain is constant

lim L = Lo = —(B'S.B + U) ' B'S.A.
(b) The matrices are the positive definite solutions of the
following equation

Sw = ATSuA + W — (1 — v)ATS.B(B"S-B+ U) 'B'S.A
The proof is similar to Theorem 4.3, thus it is omitted.

Remark 1. From Theorem 4.1 and Lemma 4.4, the matri-
ces S in the different compensator strategy are different.
Also the critical loss probability bounds v, are not the same.
These results will be further illustrated in the following
numerical examples in Section V.

V. NUMERICAL EXAMPLES

In this section, we present some cases to compare
the performance under zero-input and hold-input con-
trol architectures.

Example 1. Consider a scalar unstable system (1)—(3)
with parameters A=1.2, B=C=1, W=U=x,=1, and no
process and measurement noise, i.e. R=0=0.

From Theorem 3.3, we get y.=0.3056, so we assume
y=0.4 >y, to ensure the closed loop system is stable only
if the critical loss probability v, satisfies the conditions of
the two strategies, respectively. After calculating from the
above theorems, the critical loss probability v.,=0.306 for
the zero-input strategy and v.,=0.69 for the hold-input
strategy. Suppose v=0.4, which meets the stability condi-
tions for the two strategies simultaneously, then in zero-
input strategy, the matrix S, =1.3286 and the optimal
controller gain L, =-—0.6847. However, the matrix
S,=1.5213 and the optimal controller gain L,,=—0.7241

in hold-input strategy. And the figures of relations between
loss probability v, and weight U, and performance S are
presented in Figs 3 and 4, respectively.

Remark 2. Regions in Fig. 3 indicate the best performing
strategy in the space (v, U) for hold-input and zero-input
control case 1. The stability region for zero-input is
vE (Ves, 1], where v..=0.306, for hold-input v&[0,v.,),
vep=0.69. Compared with the result in Schenato’s paper
[6], the difference is that UE[0,10] if v. €(0.306,1]
when the networked system stabilizes using zero-input
strategy, and also U< [0, 10] if v.. €0, 0.69) using hold-
input strategy. Stability regions for the two strategies are
block diagrams; they have a common stability area
(0.306,0.69). While in [6], the stability packet loss proba-
bility regions are the same as [0,0.694), whether in the
hold-input or in the zero-input strategy and the regions are
divided into the form of a curve according of U.

Remark 3. Fig. 4 shows a plot of the transition to insta-
bility in the scalar case, the dashed-dotted line shows the

S
1

v Zero-input =
ot 4 Hold-input  }
ol—li |

Fig. 3. Regions of loss probability v, and weight U.

LS}

S
[- P Zero—lAnput _ -
- Hold-input
11— .
0 1 11 11 %
|4 Vo 1

Fig. 4. Transition to instability in the scalar case.
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asymptotic value of the zero-input strategy, the solid line for
the asymptotic value of the hold-input strategy, and the
dashed line shows the asymptote. Compared with Sinopoli’s
result [4], in which the transition curve is concave, in this
paper it is convex.

Example 2. Consider another unstable vector system (1)—(3)
125 0 1 1 0
with parametersA = [ ],B: [ },W: [ },
I 1.1 1 0 1
U=25,C=[1 1],R=25,0=20*L

We get 0.36<y.<0.472 calculated by Theorem 3.3, let
y=0.5>1y. to guarantee the stability of the closed loop
system when the critical loss probability v, satisfies the
conditions of the two control architectures, respectively.

In zero-input strategy, the calculations are v,,=0.36,
viy=0482, and v.=0.47 by Theorem 4.2, but
0.528<v.<0.64 and v.,=0.528 from Theorem 4.5 for
hold-input strategy.

To meet the diverse stability conditions, we as-
sume v=0.5; coincidentally, the optimal controller gain
is equal, L. =1[—0.7248 —0.3183], and the matrix

[2.0528 0.3505]

0.3505 1.6465

We can intuitively compare the optimality regions
from the above examples. Interestingly, the sum of the crit-
ical packet loss probabilities of the two strategies is coinci-
dentally 1. For small packet loss probability rates v if v<v,,
the hold-input strategy provides a better performance than
the zero-input one, but for packet loss probability v, <v<1,
zero-input strategy has a better expression. However, for
Ve Sv<v,. the two strategies will cause the system to create
overshooting or oscillations, which means it is not possible
to judge which is superior by packet loss compensator using
the state estimation.

VI. CONCLUSION

This paper considers LQG controller design based on
zero-input strategy and hold-input strategy for NCSs where
the control packets are subject to loss. The packet dropouts
are modeled by Bernoulli processes, which consider both
S/C and C/A channels. The packet losses compensator uses
the state estimator for NCSs. We study the zero-input strat-
egy in which the input of the actuator is set to zero if a
packet is lost and the hold-input strategy in which the previ-
ous value is used with packet dropout. The optimal static
gains and the critical loss probabilities for the two schemes
are obtained, and their performances on numerical cases are
compared. Neither of the two schemes can be claimed supe-
rior to the other using the method in this paper, while the
stability regions of the two strategies are relatively

complementary to each other for either a simple scalar
system or vector one. Nevertheless, the algorithms in this
paper can be used to compute which scheme performs
better once the packet loss probability and systems
parameters are known.
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